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Forecasting business profitability using rough sets classifier
based on Attribute-discretization
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Abstract

This study has two objectives : (1) This study
proposes attribute discretization of database attributes
by decision trees, which enhances rough sets
classifier. (2) This study basing on the resource-based
view evaluates the profitable efficiency, and
investigates how the resources of the firms influence
the activities generating more profit. If an automated
classification system can be implemented, both the
input of cost and manpower required for the inventory
can be reduced.

In practice, the data used for the experiment is
one industry of electronics manufacturing in Taiwan.
This study proposes attribute discretization of

database attributes by decision trees, which enhances
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rough sets classifier to increase accurate rate of
profitability forecasting. From comparison of accurate
rate, the proposed method is 85.73%, which is higher
than the listing methods, and with less number of
rules.
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